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Abstract Fractured reservoirs are becoming increasingly important in reservoir engineering. However, due to the complexities
of the fracture systems, it is difficult to predict well performance in fractured reservoirs. The dominant numerical models to deal
with fractured reservoirs are introduced. These include the equivalent continuum model, the dual media model, the discrete
fracture model and the embedded discrete fracture model. History matching is an essential process to improve the model
predictability by using production data. A variety of automatic history matching methods have been developed, such as the
gradient-based method, the evolutionary algorithm, the artificial neural network method and the ensemble Kalman filter method.
Microseismic data can provide useful information to constrain modeling of the hydraulic fracture distribution, and can be used
jointly with production data to improve the model prediction.
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Fig. 1 Schematic diagram of DPDP model™!
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Fig. 2 The diagram of discrete fracture network model*”
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Fig. 3 Embedded discrete fracture model diagram'**!
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